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! Radiography
2 Computed Tomography scan (CT scan)
3 Ultrasound

4 .
Biopsy e e 1d feme 0 5
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® Gastrointestina Tract
10 Arthroscopy

1 Thoracoscopy

12 Bronchoscopy

'3 Cystoscopy

14 Urethra

1% Urethroscopy

18 Hysteroscopy

17 Gastroscopy
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1 Minimally invasive intervention

2 Open surgery

3 Minimally Invasive surgery

* Charged Coupled Device

5 Completely Metal Oxide Semiconductor
® Stereoscope

" Monocular

8 Binocular
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12 Neurosurgery

13 ENT (ear, nose, throat)

14 Sinuscopy

15 | aryngoscopy

16 support Vector Machines

" Deep Learning

18| ocal Binary Patterns

19 Principal Component Analysis
2 Computer Aided Diagnosis

% Biopsy
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! Colonoscopy

2 Sigmoidoscopy

3 Wireless Capsule Endoscopy
4 Laparoscopy

® Cholecystectomy

® Nephrectomy

’ Prostatectomy

& Confocal endomicroscopy
® Mosaicing

9 Virtual endoscopy

" Sice
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! Augmented Reality
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8 Generative Adversarial Network
9 Affine transformation

10 peristalsis

™ |mage Registration
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! Adaptive contrast diffusion filter

2 Adaptive guide |mage based Enhancement
% Fraction-power transform

4 Enhancement criteria

® Minimally Invasive Surgery

® CAS: Computer Assisted Surgery

7 Encoder-decoder
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“ Deep Learning

® Red, Green, Blue

®y: Luma component, U and V: Chrominance components
(red and blue projection respectively)

" Hue, Saturation, Value

8 Hue, Saturation, Intensity

® Spatial information

% Image restoration

1 Temporal information
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! Calibration
2 Barrel distortion
3 Specular reflection
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7 Super resolution

8 Comb structure

% High Definition

19 Honeycomb structure
™ High boost filtering
12 Median filter

13 Spatial incorporation
14 Neuroblastoma
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! Natural Orifice Transluminal Endoscopy Surgery
2 Simultaneous Localization And Mapping

% Image stitching or image mosaicing

4 Summarization

® Scale Invariant Feature Transform

® Speed Up Robust Features
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5 Context aware

5 Non Informative Region

" Dermoscopy

8 L: luminance, a: a channel, b: b channel, CIE: French
Commission internationale de I'éclairage, hence its CIE
initialism.
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1 CIS: Computer Integrated Surgery
2 positron Emission Tomography

% CAS: Computer Assisted Surgery
4 Augmented Redlity
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1 Discrete Fourier Transform
2 Co-occurrence matrix
% Object tracking
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! Landmarks

2 Salient image features

® Fiducial markers

* Region-hased representation
® Feature-based representation
® Robust long-term tracking
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I Minimally Invasive Surgery
2 Bottle-neck Features
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! Temporal segmentation
2 Semantic segmentation
3 Highly light reflection
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1 Query image
2 Image retrieval
3 Content Based Image Retrieval
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5 Dynamic summarization

5Key frame = representative frame or R-frame or still image
abstracts or static story board

7 Panorama

8 Image mosaicing

9 Image stitching
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1 Healthcare center

2 Browsing

3 Indexing

4 Static summarization




S o s 5 1y 0l (55 Joes 5 (S5l 053
[V ] e slal (il pib 4 bl o el ol
3 o rmd 53 gababl o e 5l 3 sl s )
2 L 6ol 50 5 (3luasds 5l il (oSl el

LIYY] s e ol

S el ST, GL o e

2553 T ¢ oS s 53 Lol b 558 Glads el s
Sl o g i Godalin b 5 oS s (G
olas 3 olaa 503 10 S 3 VYAV YYV] e
D8] 352 o s Lty
Glab (53015 d b o oS skl 2 slhad (63 Lwasdls-

JIYA] skl 5o Ll il sl 5las 3,187 51 oo ged 110 I

slain b b Stw gyl (oo 5 Cos,5 6obew)
5 2wl (O licie 5 CNN Liles G (5,550
St 02 5L 250 (Soal> 5 5aS Ly S e (gvar b
SLacsSS 5l La a1 s b 55 (o oS st
OLLE YY) 2smin 03 080 (5500 Ll
Slabslo glvaib o 520 La g, 5l (S oS ol S5
Y u_.i)\)fﬁ_m.a oyl gla foy Wes  Sas LST
Ol ol 53 405313 8 WCE J S L o 5Snn s 2nlS
O (Al Ailos S NS S Ao s 50 pla s
LAV s ool ) G5 s b,

4 Crohn' s disease

' olas gduaws F-0

Ralad Gt (gae) 3 La sy SUST

s dedsl Lo Bsy 5 du b 5 ol 5L L g 5T
Slapep (2lwlid 02yl Gl san (lo) (el D
oS wd)le 5 b s oley padeil (didef 5 Aok
Fr et s oz Ol 2l (ol 5 el
L Labay 5l (s S 8oy g ol 53 ol Jas
(Sl ol pylad Jalld) dode b 5l ) dde slags 2
slee by a3 3lge il gdiu\jftgeﬂ:u Sl ‘:}JT.U;
La iy o [IVY][) ] s o el (o 5 2ME
S oo M e i b 3L 51 Je <l (lags b U jao
S35l slaal 5o |y Lacal sl sl b des
o aesle gloasb g3l 5o 5 T ol Tl
o aeis L S5, 5l (s [ VY ] i s el
o el syl plyls s e ol sy a e
Core po55 3 o505 (b g 5 dbad Slas s s ol s

! Image classification
2 Detection
3 Localization
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