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5 Fusion
" Infrared (IR)
8 Wave LET
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! Global
2 Deep Convolutional Neural Networks (DCNN)
® Transfer learning

* Freeze
5 Color visible (RGB)
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5 Discrete Cosine Transform (DCT)
®Pyramid
7 Principal Component Analysis (PCA)
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! Multi-scale transform
% Sparse representation
3 Visual saliency

* Subspace
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* Spatial Frequency (SF)

5 Feature Mutual Information (FMI)
 Local

" Low level

8 Visual words

(5o b gLl Ll s Ol (gl (e S s 035
3 g o3l aSd iy S )

sl g, 2L Ol 2Ll slasbas Y1)
R2ILE o grean

RS hmer e Gty o Slee SL Gl
w4 Sl 0l Sl (Gl Sla sy (S b s
Gy haen it sy 3 e amplis gl SIS
(s3ls sl s Lty ol Ol sl Lealy G olse
Olfr i) Bl b 3 prgmen LS50 3 eslinal 340
ol sl el Ldmean slas SGoy sla el (,rla_s Sl
CoFS e 8 e Slesdse Sy 03 L)
2l e 5 LT s 0L3LS Gl alis (oledlbl
RO VO, S S U~ SR IO RSN VYU PP P STCOUMN R Wk
" B o (Hgmen nad CohS b)) e sla Lk
JA] X5

s o 5 32 ge SeMbl Ol ((EN) | s 0l —l
S o (Sl el ()85 wlal o 1y ol o prean
RS > S oMbl AiL S5 sl s
P s S 3 Sdes 5 0l sz edd Hgen
(o 50 o (ol Cal (Ses (Jl ol b oy el
(A AL Sy odd S pmar el g ar e 3,50
U5 S 05 4 s Y gens oy a3 el 2S5
5,8 o )3 eslind 5540 o SKaS

Olyes & ol S a3 ls G (MDD T bl Sledbl O
JEin odd phgzman ppdl 4 cpin polal 5 eST] Sledibl
2 bl pagie G pald pl XS e Sl s
o slas e 53 Kowls Ol 5 conl ledbl (5,43
Sl s ol MI S 3 Sldie SO . dS s (6 ,S o5l
ol mad gl & oo pslad Sl 5,8 e Dok
el o gman O g 5 Shas odns LI &S 59 0 Jae
e sl ) Sy ad oMbl Ole :QABJF Le>ls —o
DL 5 8 oo (5 S o)l 2 o Jao ok a5 005 &
R3AS 55 pie psla &l SleMbl 1 ldae ax 4S5 das s
sl oms ol 0 S350 QAB/F sl 0l Lo 0l S g2ean
" e el b gman 0 (58 i ad b oS
g

5 @25 S el )Ll p e G 1(SD) oyl Gl ol o
S g LS o pSme | ol S gzman pseal Sl 25
Sy oo Sl s 4 s L) Sl S G5l
LS e Sl s w0 | Ol 4 g ddias (sl 1S 4 Ol

! Entropy
2 Mutual Information (MI)
3 Standard Deviation (SD)
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5 Multi- focus
% Scale Invariant Feature Transform (SIFT)

" Fully connected
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! Object-bank
2 Multi-task
3 Context features

* Ensemble
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