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Accuracy  Precision Recall F;-score

AdaBoost 95.1 93.6 96.7 95.1
AlexNet 93.7 94.9 922 93.6
Decision Tree 79.4 76.8 83.1 79.8
EfficientNetBO 98.9 99.1 98.9 99.0
GoogleNet 91.7 90.2 93.5 91.8
ResNet50 94.9 93.0 97.1 95.0
ResNet50V2 942 92.8 96.7 94.1
ShuffleNet 97.5 96.1 99.0 97.5
SqueezeNet 95.1 94.2 96.2 95.2
VGG-16 94.9 94.0 95.4 94.9
Xception 98.8 99.0 98.6 98.8
Contrastive Learning [31] 90.8 95.7 85.8 90.8
COVID CT-Net [60] 90.7 88.5 85.0 90.0
DenseNet201-Based [47] 96.2 96.2 96.2 96.2
ed VGG19 [61] Modi 95.0 95.3 94.0 94.3
xDNN [51] 973 99.1 95.5 973
&oluiy (g5 99.9 99.9 99.8 99.9

COVID19-CT Bua odldacgoxo 595 U3yl -F Jous

Ll sl Lo
DP9l vk
Accuracy  Sensitivity  Specificity  F;-score
AlexNet 74.5 70.4 79.0 75.0
DenseNet-121 88.9 88.8 88.9 88.2
DenseNet-169 91.2 93.3 88.9 90.8
DenseNet-201 91.7 88.6 94.1 91.9
GoogleNet 78.9 75.9 82.3 79.0
Inception-ResNet-v2 86.3 88.1 84.2 87.0
Inception-v3 89.4 90.0 88.9 88.8
MobileNet-v2 87.2 93.2 77.6 89.0
NasNet-Large 85.2 79.3 91.9 84.0
NasNet-Mobile 83.4 84.8 81.9 85.0
ResNet-101 89.7 82.2 89.2 89.0
ResNet-18 90.1 89.4 90.9 91.0
ResNet-50 90.8 90.0 91.0 90.1
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ResNeXt-101 90.9 93.1 88.9 90.6
ResNeXt-50 90.6 93.4 88.2 90.3
ShuffleNet 86.1 83.5 89.0 86.0
SqueezeNet 78.5 86.5 63.8 82.0
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