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! Convolutional Neural Network
2 Recurrent Neural Network
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! Convolution

2 Pooling

? Fully Connected
*Feed Forward

5 Backpropagation
6L oss Function

7 Chain Rule
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3 Traditional machine learning based techniques
* Deep machine learning based techniques

5 Local Binary Patterns

® Scale-Invariant Feature Transform

7 Histogram of Oriented Gradients

¥ Support Vector Machine
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! Gated Recurrent Unit
2 Polyphonic
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1-'A group of giraffes Standing up against a dirt wall
in front of a crowd of children.',
2-'A large group of people holding their arms out to
feed giraffes.',
3-'A group of children feeding two giraffes at a zoo.',
4-'A group of people trying to feed giraffes at the
Z00',
5-'Zoo scene of children at zoo near giraffes,
attempting to pet or feed them.

o ey A
'a giraffe is walking in the grass eeee '

(Ml e s

1-'A man on a court swinging a tennis racket.,
2-'A tennis player is looking up to the sky.',
3-'A black and white photo of a man playing tennis.',
4- 'Black and white photograph of a man playing
tennis',
5-'A man swinging a tennis racket in a t-shirt'

ok e Al
'a man is holding a tennis racket on a tennis court eeee'

(Ml e s
1-'a big purple bus parked in a parking spot',
2-'A purple bus can't be missed on the city streets. ',
3-'a big purple public bus called south tyne',
4-'A city bus drives through a city area.',
5-'City bus driving through pedestrian saturated area
near crosswalk.'

1o (SAngiy Cna i
'a double decker bus is parked on the street ecee '

(s e

1-'A pizza is prepared with cheese, tomato sauce, and
broccoli. ',
2-'A pizza is split down the middle is shown.',
3-'A pizza covered with lots of broccoli sitting on a
kitchen counter.',
4-'A half broccoli half cheese pizza that needs to be
cooked. ',
5-'An unbaked pizza with cheese and herbs on one half and
broccoli on the second'.

o iy Chua g

'a pizza with a plate of food eeee’'

(s o
1-'Two people standing on a tennis court playing
tennis',

2- 'Two mean are playing tennis and both are wearing
sunglasses. ',

3-'Two people playing a game of tennis with rackets.',
4- 'two tennis players on a court with rackets',

5-'"Two men with tennis rackets playing doubles
tennis.'

ol py Al S
'a man is holding a tennis racket ecee'
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