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New-Method: a man is riding a bike on a trail through the woods.
Previous-Method: a person is riding a bike on a dirt bike.
Ground-Truth: a person riding a bike doing a very high jump.
Ground -Truth: a person is in the air with a trick bike

New-Method: a black dog is munning through a field of snow.
Previous-Method: a black dog is running through the now.
Ground -Truth: a black dog jumps in the snow.

Ground -Truth: a black dog bounds through a path in the snow-

New-Method: a basketball player dribbles the ball.

Previous-Method: a basketball player in a white uniform is playing with a ball in the
background.

Ground -Truth: a basketball player dribbles the ball

Ground -Truth: a basketball player in the white strip is dribbling the ball on the court
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Ground-Truth: Dog looking out the window of a car
in review mirror

MAGAN[31]: A dog looking out a car window in
mirror

Our-Method: a reflection of person holding a dog
in the back of the car
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