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Comparison: None

gl Indication: Burmese male
has complete TB treatment
Findings: Both lungs are
clear and expanded with
no infiltrates. Basilar focal
atelectasis is present in the
lingula. Heart size normal.
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are present
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SMedical Text Indexer (MTI is the main product of the Indexing
Initiative project and has been providing indexing

recommendations based on the Medical Subject Headings
(MeSH®) vocabulary since 2002)[118].
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thickening, cardiomegaly, nodule, mass, and hernia)
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Concept detection:

C0002940: Aneurysm

C0002978: angiogram

C0027530: Neck

C0087111: Therapeutic procedure

C0524425: inside the blood vessel

C0524865: Reconstructive Surgical Procedures

C3887704: treatment — ActlnformationM anagementReason

Caption prediction:
Preoperative computed tomographic angiography reconstruction
showing hostile neck anatomy amenable to treatment with
endovascular aneurysm sealing (EVAS).
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150 Geomorphologic Atrophy
acmndmv o AMD
< G mmorphﬂlogm Atrophy; AMD
e 1 CFP of the right eye of a 76-
year- nld man wuh vision loss for two years shows a
hypopigmented macular lesion. OCT reveals RPE
atrophy in the macular area.
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<image> of <body> synpic24243: Sagittal T1-weighted
demonstrate / show /suggest image of the cervical spine
<findings> demonstrates cord expansion.

<image> demonstrate / show
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