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! Text Based Image Retrieval
2 Content Based Image Retrieval
? Semantic Based Image Retrieval
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3 Segmentation
* Tag refinement
5 Tag localization
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! Semantic gap
% Automatic Image Annotation
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> Moments

4 Color coherence vector
5 Skewness
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! Early fusion
% Late fusion
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2 Comments

* Multi-view

¢ Multi-modal

5 Bag of Feature
® Bag of Words
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! Deep features
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! Inductive

2 Transduction

* Generative models
4 Mixture of models
5 Topic models

ipr sgman 5305 by,

SLaShs oo il (1 0l et 51 55 gl (2515
35500 (6 s Sla S s 1ol SIS0l (6l .3 s oo 03Litiusl (5 a2
Aile gupad i SISO SO Lol el pslas I K
- o3 ks gladi i s |y Lagl S0ke -k (e o>
O Sl S adS soiplad IS Ol se 0 i 5550 51 L kns
Lol a0 oS a3 5810 ol 51 (glasliodly a3 53 o0 3L 4l 5>
I SO colg s Llu e 5 o ‘cafxa Sy anlS
ot S e 53 5 sn Sl sl el (S

s e QLS 1 psghe e T IS L5

(iii) Vector quantization

(ii)Feature extraction
mmmmmmmmmmm . k-means

(i)Region detection

St - Sy A hos 4 L SRy gl pual - S
S5ty - Sy (shuad gi-till - a Shs ) Sl - pglas
sdalin adgs S S o p psed 2 sl pl S

.[\"O]a.&i
Ll AW‘(’)LB.A AO\J}J}J@‘J&&‘MQL;/E}MJ))
o 09l 30 1y pead 53 55 ge Joes Ol Jl> e 5o
‘A)Jubyrzggﬂﬁuéumélq-f\g)u@.Aﬁf
L Ol e 1y b ol 5,8 deal e Slicar o glis amess
N Shs glAel 5 p o S5 2 SIS Gl STSS Sl eslind
Jlju_”a\ o.)\_“a‘[\ﬂf’] }‘) bj_..@.f 40}%&“)}{&&—#%
BE) ‘S:Lia t:,o;& LS‘J—’ u‘l‘L““"f)J" Al ijd_,w)‘ oalaul
‘C‘}L_MI U_j\ QJ\JJ‘J.; ﬁ)wjébw‘ﬁj@qlbwf‘y
gl y G b &S Al 5}’-')@"“@“-?56‘-%5335‘ =
3 G (Socaals oy D3l (5513, (81 o 3wl OIS0 &
CEJMJ.}I"}M&ML;}:’)QM ‘d&")‘ Izl 5 d>
cMaJ\buuu@uﬁ\)\@Lu\cL}iJ)JJuﬁ&@vd

[YF] p2 55 2 50 Grkih sy 4 (Sos ) el -F S



2ILE 55 G GBS 2 S5

SLa Sl L ) s a8 S o Jite Ko daseS slab S o
LBl S BB ng slad 03 2y

[¥Y] oo o> 1 S0 0 NMF 5505, 51 [¥O-FY] ol 0
b asil | baleas 0 5805 (bl a3 0 11 &
& s gl il ab gy n s SLald gl g e oalin
s Lacmg g by e i3 glaliad (ol 51 (S0 S5y 5b
ol alu Juos coeul (s sla S5 0 bg e Laliad
O by e il ades ol o ol S el gl S
b o cald per ez s b 505t i el SO
SR (A S (e Gl 5 Lz (a5
Bl [¥Y] e SO [¥Y] 0 3 3580 Sleiy
5l 5 s e il Aty die S sl oL S sl
SO N B NG S ¥ U5 SVNIVS, S oy | PR NN S W
i sla S i sl o cald el
So ciba oo [¥Y YY] ozl 5o diS e )8 o saad
L e sl il Sl s olad s IS Juks
33 slas Mbu.:_»tgj_fu:f\»l.,a Loyl 595 @oslazs slal
ool bl s Al s s Aol jlae G el ol
TlAee ol o gaas a slanlaan 1 58035 4l Lne
et S5 ey Kol )53 45 b
Ot mabd o) ASE Gl @ [¥O] arse 3 353000 sleniy
05,5 0 s pa s by e il Sl S (e slalid
s sk a0 05,8 8 95 ides SLalah odld o e 5o
22 ebl 05553 L lseal ol b b 5o 3580 gl 5ol
5 OLSS s slaliai w\wﬁau.aj\diéq (da cb‘\{
g g 403 8 a0 5 Jits S5 b

SC o Lz 5 Sy Sl soee (g abaily [ Y] w0 00
e s S8 (Soan Jelo bl (pline (e sLd
S laalaan Lad ol js aS coul sl osls glis 5ol

Dy b i sy S e A G

T bl sladae —Y-Y-¥

4 ol JSs Giemrn ety sl sladas o
5odd o [TV] i i ot dls G 250
2 pd 030> B el Wl tostns S oz 2 Ly
Sl & aduanas ol 5leslid b ppead o sl e ilal o8
e S 4 g e s @ gl GlaS (ilidee G
ng:f.ﬂ:: LS‘J:’ dﬂ.tau: 6\.&0;‘5‘) Bl ‘°~5J§OT~" BE -Jj*:g;" Oy
SVML olazdy s cpdile sl os, Asle 35,5 o eslicul

® Discriminative models
7 Multi-label classification
¥ Support Vector Machine
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! Latent Semantic Indexing

? Latent Dirichlet Allocation

? Random walking

* Nonnegative Matrix Factorization
3 Latent spaces
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! Multi-Modal Multi-Scale
% Perception
3 Label quantity prediction
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